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SUMMARY Parkinson’s disease (PD) is a neurodegenerative disorder that affects more than
ten million people worldwide. Research shows that gut microbiome imbalances are a common
feature of PD; specifically, a decrease in short-chain fatty acid (SCFA) producing
microorganisms and an increase in proteolytic microorganisms. There are many studies that
highlight the link between diet and the gut microbial population in healthy individuals.
However, this link is unclear in Parkinson’s disease patients. Since diet is a significant factor
affecting the gut microbiome, the aim of this study was to assess how fiber, a macronutrient,
affects the gut microbial community in Parkinson’s disease patients. We performed an in
silico analysis using gut microbiome sequences and associated dietary information to assess
whether fiber affects the gut microbial diversity and the relative-abundance of SCFAproducing and proteolytic bacteria. We observed higher microbial diversity in Parkinson’s
disease patients with higher fiber intake. In high and low fiber intake groups, we observed no
difference in the relative abundance of SCFA-producing and proteolytic bacteria. These
results suggest that fiber may not play a significant role in changing the SCFA-producing and
proteolytic bacteria population in PD patients and may not be of great importance to affect
the gut microbiome imbalances experienced by these patients.

INTRODUCTION

T

he human intestinal microbiota harbours trillions of microbes that are often in a
symbiotic relationship with their host (1). The host provides the microbes with food
and a suitable environment; and in return, the microbes play important roles in vitamin
production, dietary fiber breakdown, and immune function (1). As of recently, microbiome
imbalances have been recognized as a consistent feature in Parkinson’s disease (PD) (2).
While little progress has been made in efforts to prevent PD progression, diet has gained
importance as being a potential factor that helps reduce the motor and non-motor symptoms
associated with PD (3,4,5). Understanding how specific dietary macro and micro-nutrients
affect the composition of the microbiome and associated symptoms in PD patients may serve
as a possible therapeutic strategy and emphasize the need for future controlled, experimental
studies.
Diet is recognized as an important influential factor on the composition of gut microbiota
(6). The intestinal microbiota metabolizes indigestible fat, fibers, proteins, and uses them as
energy sources (7). Primarily, gut microbiota obtain their energy by fermenting indigestible
fibers into short chain fatty acids (SCFA) (2). SCFA, such as butyrate, play a key role in
maintaining a healthy gut (2). Butyrate provides energy to colonocytes, regulates gut
inflammation by moderating a few inflammatory transcription factor levels, and regulates
gene expression in colonocytes through its histone deacetylase activity (8). Fiber intake has
direct effects on the amount of microbial diversity in the gut, as a reduction in fiber intake
decreases bacterial diversity (9). This is because the presence of fiber increases fibermetabolizing, and SCFA-producing, bacteria to grow in population, dominating in terms of
abundance, which modulates the bacterial community (9). When looking at diet and
microbiota composition, literature has stated the main goal is to enhance SCFA production
(10). In addition to the previously mentioned benefits of SCFA, they also help in maintaining
the function of the intestinal barrier (11). Thus, this demonstrates the importance of SCFA
for the gut, and given that fiber is directly associated with the concentration and amounts of
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SCFA present in the gut, it indicates a possible avenue to investigate its influence on PD
patients (9).
Fiber consumption also has an influence on the abundance of proteolytic, or proteindegrading, bacteria. When there is a reduction in fiber, a shift occurs as gut bacteria start
metabolizing protein instead, which is a much less favorable substrate (9). It’s considered less
favorable due to the production of detrimental metabolites such as p-cresol and ammonia (9).
That being said, a diet consisting of high fiber will likely be able to combat the influence of
protein as SCFA-producing bacteria will still be present in high abundance (9). Specifically,
this can be seen in the two diets; Mediterranean and Western. In a Mediterranean diet, protein
and fat intake tends to be low and dietary fiber intake tends to be high compared to a Westernbased diet (12). Adherence to a Mediterranean diet, as opposed to a western diet, is associated
with lower risks of developing PD (12). Thus, fiber’s key role in regulating SCFA-production
and combatting proteolytic metabolites demonstrates its importance for gut health (9).
Cirstea et al. set out to look at the community composition of the gut microbiota and its
association with the gut function in PD patients (2). Cirstea et al. identified two distinct
microbial communities, A and B, that were highly associated with PD (2). Community A was
dominated by SCFA-producing bacteria and was less abundant in PD patients (2). In contrast
to this, community B bacteria had a higher abundance of proteolytic bacteria and were more
abundant in PD patients (2). Community B was also positively associated with firmer stools
and constipation severity, while the SCFA-producing community was inversely associated
with those variables (2). These associations indicate that the shift in bacterial composition is
directly related to GI symptoms in PD patients.
The influential role of diet on the composition of the microbiome has gained an increasing
amount of importance in the last decade (13,14). Several studies have explored the effects of
general diets and food groups on the risks of PD progression, however; studies exploring the
direct effects of specific nutrients on the microbial composition and GI abnormalities in PD
are limited (15,6). Cirstea et al. investigated dietary intake (2), yet their study did not
extensively investigate the effects of diet on the gut microbial composition. Given that
Cirstea et al. highlighted how GI abnormalities in PD are linked to microbiota alterations, we
decided to explore how diet could influence these alterations. Understanding how diet affects
the microbiota may open doors to future intervention strategies that could modify the disease
course of PD. For that reason, we used the dietary information collected by Cirstea et al. to
investigate if the variability in dietary fiber consumption would alter the abundance of SCFAproducing and proteolytic bacteria. We anticipated that this would likely change the stool
firmness and constipation severity in PD patients.
In our study, we aim to determine the effects of fiber on the composition and diversity of
the gut microbiota in PD patients. Cirstea et al. had determined two clusters which primarily
had SCFA-producing and proteolytic bacteria, respectively. Therefore, we studied how
dietary intake affects both SCFA and proteolytic bacteria production in PD patients. We chose
to specifically focus on fiber because of its crucial role in maintaining gut microbiota health
and diversity (9). We hypothesize that an increase in dietary fiber intake would increase the
abundance of SCFA-producing bacteria. We predict that the variability in fiber intake would
alter the intestinal microbial diversity and changes to the microbial diversity would affect the
severity of GI abnormalities common in PD. We also predict that a decrease in proteolytic
bacteria abundance will occur in response to an increase in SCFA-producing abundance.
Understanding a possible mechanistic link between diet and the intestinal microbiome may
open doors for future therapeutic strategies, as diet could indirectly affect the GI abnormalities
by altering the microbiota. These findings may also help establish diet’s role in optimizing
gut microbiota in PD patients.
METHODS AND MATERIALS
Data acquisition and metadata filtering. All data used in this study were acquired from the
Cirstea et al. study and specifics of their methods can be found in their paper; however, a
general summary will be included here (2). Cirstea et al. acquired data is from 197 PD
patients and 103 controls, from which fecal samples were collected. The 16S rRNA V4 region
was amplified and sequenced on an Illumina platform, with 515F/806R primers, giving us the
FASTQ files required for our own analysis. Cirstea et al. also collected extensive amount of
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metadata. Dietary information was collected using the EPIC-Norfolk Food Frequency
Questionnaire (FFQ), then using the FETA software (17), specific values were generated for
46 nutrients and 14 food groups. Constipation severity was measured using the Rome III
constipation criteria (18). Consistency of stool samples was assessed using the Bristol Stool
Scale (19). Metadata were filtered using R (20) (v4.0.2) with the tidyverse package (21),
from which we filtered the nutrient groups of interest: Proteins and Non-Starch
Polysaccharides. New columns for each of these nutrients were created that distinguished
them as “high” or “low” based on their values as above or below the median value per nutrient
collected.
QIIME2 Processing using filtered metadata. The raw 16S rRNA sequences obtained from
Cristea et al. were processed using DADA2 (22) within QIIME2 (v2020.8) (23) to give the
frequencies of each unique amplicon sequencing variant (ASV) and to map each ASV to the
sample that they represent. Using the Greengenes 99% OTU database, a Naive Bayes
classifier was trained with the 16S rRNA sequences, and taxonomy was assigned to each
sequence. In QIIME2, low frequency ASVs that had less than 0.005% of the total reads (less
than ~230 counts), and mitochondrial sequences were filtered out. Finally, the processed
sequences and the taxonomy data were merged and exported to R for further analysis.
Alpha and Beta diversity analysis in R. The processed files from QIIME2 were imported
to R using the qiime export tools code, and the phyloseq package (24) was used to subset PD
and Control samples. Samples were rarefied at the 5558 sampling depth to ensure maximum
diversity within each sample. Alpha and beta diversity analyses were performed on both
Control and PD samples. For alpha diversity, the Shannon’s and observed feature metrics
were chosen to assess sample diversity, and box plots were generated for high/low fiber
consumption for both PD and Control samples. For beta diversity, the weighted and
unweighted UniFrac distances were chosen to assess differences in microbial composition
between high and low fiber consumption samples in both PD and control samples, and the
data was plotted on principal coordinates analysis (PCoA) plots.
Differential abundance and correlation analyses. The phyloseq (24) and DEseq2 (25) R
packages were used to create relative abundance plots. Bacterial species used for relative
abundance plots were selected based on the bacterial communities, A and B, presented in
Cristea et al. study. Additional known metabolizers of SCFAs and proteolytic bacteria such
as members of the Bacteroides genus were included in this analysis. These SCFA
metabolizers and proteolytic bacteria plotted against high and low fiber consumption groups
to create differential abundance plots, and analysis of variance (ANOVA) tests were used to
determine significance. Values were plotted using the ggplot2 package (26). Correlation
analysis was completed using the ggpubr (27) package in R to plot constipation and Bristolstool scores relative to fiber consumption.
RESULTS
The alpha diversity of high fiber PD groups were higher relative to low fiber PD groups.
We set out to determine the effects of fiber consumption on the alpha diversity of the gut
microbiota in PD based on Shannon’s and observed feature metrics. Statistical significance
for our data was determined using ANOVA tests. Shannon’s and observed feature metrics
were higher for both high fiber Control and PD groups (Fig. 1). It is important to note that
results were statistically more significant for PD samples (Fig. 1B, observed p-value = 0.0098,
Shannon’s p-value = 0.074). Nonetheless, these results suggest that fiber intake affects both
healthy and PD patients similarly, as increased fiber intake was associated with higher gut
microbial diversity in both PD and Control.
Gut microbial composition is similar between low and high fiber consumption groups
in both Control and PD patients. We investigated how fiber consumption affects gut
microbial composition of PD patients. We plotted unweighted and weighted UniFrac
distances (Fig. 2) for Control and PD patients. We observe no distinct microbial communities
between high and low fiber consumption samples in any of the PCoA plots and all samples
September 2021 Vol. 26:1-12

Undergraduate Research Article • Not refereed

https://jemi.microbiology.ubc.ca/

3

UJEMI

Afrasiabi et al.

are clustered together. These observations suggest that the microbial composition is similar
between high and low fiber consumption individuals for both Control and PD samples.

FIG. 1 Higher sample diversity in high fiber consumption groups of PD patients. Shannon’s and observed features
alpha diversity metrics grouped by fiber consumption (high/low)for (A) control and (B) PD patients. Sample diversity is
higher in high fiber consumption groups in both control and PD samples. However, it is statistically more significant in
PD patients (p = 0.0098 for observed features, p = 0.074 for Shannon’s).
Relative abundance of SCFA bacteria did not change significantly between low and high
fiber PD groups. We asked how variable fiber consumption affected the relative abundance
of SCFA-producing bacteria in PD patients. Differential abundance analysis was performed
in R and statistical significance was assessed using ANOVA. Fig. 3 shows the relative
abundance of SCFA-producers at the genus level; Roseburia, Faecalibacterium, and the
family Lachnobacterium. Roseburia had higher relative abundance in low fiber PD patients.
While the difference relative to high fiber PD patients was not statistically significant (p =
0.054), it did show a large negative trend. Similar trends were seen in Lachnobacterium, as
their relative abundance were generally higher in low fiber groups although the differences
between low and high fiber groups were not statistically significant (p > 0.05). Finally,
Faecalibacterium showed no significant change in abundance for both groups.
Control samples were also examined to provide strength to our results. Only Roseburia
relative abundance was significantly different (P = 0.048), finding higher abundance in low
fiber diets. The remaining bacteria showed very little variance between diets, and were not
statistically significant. Additional differential abundance plots can be found in the
supplemental figures (Fig. S1) regarding the genera Blautia, Corprococcus and Lachnospira.
However, none of these bacteria displayed any significant difference between high and low
fiber groups in either PD or Control.
Significant change in differential abundance of Bacteroides genera, and no change in
other proteolytic bacteria. We asked how variable fiber consumption affected the relative
abundance of proteolytic bacteria in PD patients. To investigate this, we followed the same
procedure as described above. Figure 4 shows the relative abundance of proteolytic bacteria
at various taxa levels. In PD patients two bacterial families Ruminococcaceae and
Akkermansia both displayed no significant changes in abundance (p = 0.057 and p = 0.640
respectively), although a slight increase in Ruminococcaceae is observed (Fig. 4B).
Alternatively, Bacteroides relative abundance decreased significantly in Control samples (P
= 0.014) from low to high fiber conditions. The median change is from roughly 17 percent in
the high fiber condition to close to 27 percent in the low fiber condition. The relative
abundance of Bacteroides in the PD group was not statistically significant (P = 0.170),
although the median abundance was once again lower in the high fiber group. Additional
genera were screened as present in supplemental figures (Fig. S2), however none displayed
significant differences in relative abundance when compared between fiber groups.
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FIG. 2 No distinct microbial communities observed between high and low fiber consumption groups. Principal
coordinates analysis plots using weighted UniFrac. (A) Control and (B) PD samples are coloured by fiber consumption
(blue = high, red = low). There are no distinct microbial communities observed between high/low fiber consumption
groups for both Control and PD samples

September 2021 Vol. 26:1-12

Undergraduate Research Article • Not refereed

https://jemi.microbiology.ubc.ca/

5

UJEMI

Afrasiabi et al.

FIG. 3 Increase in Rosburia sp. in low fiber diets, no significant change in other SCFA
producers. Relative abundance of SCFA producing bacteria in (A) Control and (B) PD patients in
high (blue) and low (red) fiber conditions. The only statistically significant change is in Control
group Roseburia abundances, which was less abundant in high fiber samples.
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FIG. 4 Increase in Bacteroides sp. in low fiber diets, no significant change in other proteolytic bacteria. Relative
abundance of Proteolytic bacteria in (A) control and (B) PD patients in high (blue) and low (red) fiber conditions.
No correlation between fiber consumption and constipation severity score. We decided
to do a correlation analysis between our explanatory variable of fiber (in grams) and
constipation severity (on a scale of 0-28), our response variable. Our data showed a very weak
negative correlation between increased fiber consumption and constipation severity score in
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the Control group (r = -0.035) (Fig. 5A). Similarly, based on the r-value of -0.053, our data
showed a very weakly-associated negative correlation between increased fiber consumption
and constipation severity score in PD patients (Fig. 5B). The low r-value and p-value of 0.480
indicate our results are not statistically significant . Thus, an increased intake of fiber
consumption showed to have little effect on the constipation severity score in PD patients.
These results are consistent with those observed for Bristol-stool scores. Bristol-stool scores
were also plotted against fiber consumption (Fig. S3), however much like these results no
correlation was observed.

FIG. 5 No significant correlation
between constipation and fiber
consumption. Correlational analysis
of Constipation severity to fiber
consumption of (A) Control and (B)
PD groups. Both control and PD
groups were slightly negatively
correlated (-0.035 and -0.053
respectively) but neither was
statistically significant (P >0.05)
signifying no correlation existing
between these factors

DISCUSSION
In our study, we investigated the effects of fiber consumption on the gut microbial diversity
and relative abundance of proteolytic and SCFA-producing bacteria. We grouped PD patients
and Control groups into high and low fiber intake groups using the dietary information
collected by Cirstea et al. Upon analysis of our alpha diversity plots, they supported our
hypothesis that high fiber consumption would cause an increase in alpha diversity. The gut
microbial alpha diversity was significantly higher in the high fiber PD patients compared to
the low fiber group. In our Control, although statistically insignificant, these same trends were
observed as high fiber intake also led to higher alpha diversity. Meanwhile, when looking at
the effects of fiber on the relative abundance of proteolytic and SCFA-producing bacteria, the
results did not support our hypothesis that high fiber would cause an increase in SCFAproducing bacteria while causing a decrease in proteolytic bacteria. In low fiber PD patients,
there was a higher relative abundance of some SCFA-producing bacteria, while high fiber PD
groups had a higher relative abundance of some proteolytic bacteria.
Several studies have associated the gut microbiota of PD individuals with significantly
less microbial diversity (28, 29). Reduced microbial diversity has been associated with other
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diseases, such as inflammatory bowel disease or type 1 diabetes; this inevitably highlights
how important an increased microbial diversity is to one’s overall health (30). A species-rich
gut ecosystem benefits our immune system by exposing it to a variety of pathogens, which
contributes to a more stable and resilient immune system (30). A decline in the functionality
of the immune system has been seen as PD progresses, which further illustrates a key link
between microbial diversity and immune function (31). As diet is a major influencer of
microbial composition, we analyzed the microbial diversity between low and high fiber intake
PD individuals. Our data showed that high fiber intake significantly increased the richness of
the microbiota (Fig. 1B). Increased microbial diversity in high fiber PD groups is consistent
with previous studies that looked at the effects of fiber consumption in healthy individuals
(17). When looking at the Control group, the difference in microbial diversity between low
and high fiber groups was not statistically significant. However, the median of the high fiber
Control group was higher than low fiber Control groups, which could be suggesting similar
effects of fiber as seen with PD patients. Thus, our results highlight the importance of dietary
fiber intervention as it may regulate gut diversity, which in turn would improve both gut and
immune function.
The beta diversity results showed no distinct microbial communities between high and
low fiber diets in both PD and Control individuals. This finding alludes to there being similar
bacterial communities between individuals partaking in these two diet types. However, these
similarities indicated that we would expect to find key differences in the relative abundance
of only a few taxa between low and high fiber intake individuals. Our data did not support
our hypothesis as the relative abundance of SCFA-producing bacteria did not significantly
increase in high fiber PD individuals. However, the relative abundance of the SCFAproducer, Roseburia, is significantly higher in low fiber control compared to the high fiber
control group (Fig. 3A). Despite the PD results not being significant, the median for
Roseburia relative abundance was clearly higher in the low fiber PD group. Interestingly,
previous studies have associated the abundance of Roseburia species with improved colonic
motility (32). In fact, species belonging to Roseburia were highly abundant in healthy gut
samples, which on the contrary, were depleted in constipated gut samples (32). Other studies
have highlighted that Roseburia species play a role in gut inflammatory processes and through
butyrate, contribute to immune system maturation and improved gut barrier function (33).
Overall, the importance of Roseburia, highlighted by previous studies and our results,
introduces the idea of dietary low fiber intervention as a way of potentially regulating the
relative abundance of Roseburia. Increasing the abundance of Roseburia species could
improve constipation severity present in PD patients, which can encourage future wellcontrolled studies to investigate the link between low fiber and increased Roseburia
abundance.
As for the relative abundance of proteolytic bacteria, our data did not support our
hypothesis since we did not observe a global change in the relative abundance of proteolytic
bacteria with different levels of fiber consumption except in the case of the genus Bacteroides.
We observed a statistically significant lower relative abundance of Bacteroides in high fiber
consumption Control samples, but not PD samples. Since it is known that Bacteroides
constitute most of the proteolytic bacteria in the gut, higher fiber consumption could shift the
gut microbial community to favour the SCFA producers over the proteolytic organisms which
could explain the lower relative abundance of Bacteroides in Control samples (34). However,
unlike Control samples, high fiber consumption in PD samples was not associated with lower
relative abundance of Bacteroides. This could be related to the microbial dysbiosis that is
associated with PD status and the shift towards proteolytic organisms in the gut microbiome
of PD patients (6). In other words, the shift towards proteolytic bacteria in PD patients could
mask the ability of fiber to decrease the proteolytic population which could explain the lack
of difference in Bacteroides between high and low fiber consumption PD samples.
Limitations Cirstea et al. aimed to look at the link between gut microbiota, metabolism, and
Parkinson’s Disease (6). Their main goal was to look at metabolism and how it affects the
gastrointestinal (GI) tract’s function (6). We, however, utilized their unexplored diet data to
look at how diet directly affects and is related to gut microbiota and composition. Given the
difference in our research aim, this may have played a role of limitation with the data we
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used. Cirstea et al. retrieved food and nutritional data through the EPIC‐Norfolk Food
Frequency Questionnaire (FFQ). As this was a questionnaire, the intake values for each
nutritional item were average estimates of one's daily intake. This may not be entirely
reflective or even accurate of their actual intake amount because people may over or under
exaggerate their intakes. If the data had been collected differently, for example by collecting
data from patients with controlled diets, we feel that our study would have fared much more
meaningful results. Specifically, if Cirstea et al. had given a set and controlled amount of
each micronutrient and macronutrient to each individual, our take on investigating diet would
likely have returned different results.
Another limitation of our study is our lack of control for confounding factors. We did not
run any linear regression models to assess the differential contributions of confounders such
as other dietary nutrients, age, disease progression, weight and medications. Other potential
confounding variables include how the Control patients were selected (6). Specifically, 43 of
the 103 controls were spouses of PD patients which may not be suitable for a study of diet,
because couples tend to have more similar gut microbial communities compared to unrelated
individuals (35). This may explain, in part, the high similarity observed between PD and
Control groups throughout our analysis. Overall, these confounding variables weaken the
findings of our study, and must be taken into consideration when considering the results
discussed in this paper.
Conclusions We set out to determine the effects of fiber on the gut microbial composition
and diversity of PD patients. Additionally, we aimed to determine the effect of fiber on the
relative abundance of both SCFA-producing and proteolytic bacteria. Diversity analyses
revealed higher microbial diversity in Parkinson’s Disease patients with high fiber diets.
Relative abundance analysis found no change in SCFA producing or proteolytic bacteria
between high and low fiber diets in PD patients, although some change was found in
Roseburia and Bacteroides genera in Control groups. These results demonstrate a departure
from other published works, in questioning the importance of dietary fiber in the alteration of
the gut microbiome, specifically it finds that dietary fiber quantity may not play a role in
determining the abundance of these bacteria. Current knowledge gaps are prevalent in the
comprehension of macronutrients and their role in the gut function of PD patients. This paper
helps illuminate the role of fiber on the microbiome, helping reinforce potential downstream
treatment options for PD.
Future Directions The low strength nature of our results increases the need for further study
of diet in PD patients. The limitations of our study can easily be corrected by changing the
experimental design. Specifically, diet regiments would need to be implemented in PD
patients, both a low fiber diet and a high fiber diet, to better understand its role on the gut
microbiome. Future research would also require controlling for confounding variables which
we were not able to do for this study. Together these two changes would look at the same
components of the gut that we did but would generate much more reliable results. Other areas
worth studying include examining the effects of different kinds of fiber. Studies have found
the chemical properties of different types of non-starch polysaccharides (fiber) affect both
microbial composition and SCFA production (36). These studies would allow for further
analysis of some notable findings we produced in this paper, specifically checking the
abundance differences of Roseburia and Bacteroides genera in response to fiber, to help give
strength to our findings.
ACKNOWLEDGEMENTS
We would like to acknowledge the great work the teaching team put into this term. Mihai
Cirstea provided the original research that helped lay a foundation for our study, providing
all sequencing data and metadata from his study (1). Mihai provided additional guidance in
preparing our metadata and confirming the identities of SCFA producing bacteria (Cluster A)
as well as Proteolytic bacteria (Cluster B). Emily Adamczyk was involved weekly in helping
guide and support our research question, answering questions about R, and providing
statistical tests that we could use to support our findings. Emily also gave extensive feedback
on both our presentation slides as well as the introduction, results and discussion of this paper.
September 2021 Vol. 26:1-12

Undergraduate Research Article • Not refereed

https://jemi.microbiology.ubc.ca/

10

UJEMI

Afrasiabi et al.

David Oliver contributed through teaching the majority of the course, aiding in understanding
of scientific principles. Stephan Koenig provided the majority of the R-script used to filter
the metadata, create beta diversity PCoA plots, and undergo differential abundance analysis.
CONTRIBUTIONS
Each individual on the team was integral to the completion of this draft manuscript. The following are
some of the key contributions of each team member. All 4 authors contributed to the planning and design
of the study and all were involved in doing the background research for this project. P.A. and A.A.
conducted the analyses in QIIME2, and B.K. and N.D. conducted the analyses in R. Abstract was written
by P.A. and A.A., introduction by A.A. and B.K., methods by P.A. and N.D., results by P.A. and N.D.
The discussion and conclusion sections were written by all 4 authors. Co-authorship should be considered
equal for all authors.

REFERENCES
1.
2.

3.

4.
5.

6.

7.

8.
9.
10.

11.

12.

13.

14.

15.
16.

17.

Gilbert JA, Blaser MJ, Caporaso JG, Jansson JK, Lynch SV, Knight R. Current understanding
of the human microbiome. 2018. Nat Med. 24:392-400.
Cirstea MS, Yu AC, Golz E, Sundvick K, Kliger D, Radisavljevic N, Foulger LH, Mackenzie
M, Huan T, Finlay BB, Appel-Cresswell S. 2020. Microbiota Composition and Metabolism Are
Associated With Gut Function in Parkinson's Disease. Mov Disord. 35(7):1208-1217.
Obeso JA, Stamelou M, Goetz CG, Poewe W, Lang AE, Weintraub D, Burn D, Halliday GM,
Bezard E, Przedborski S, Lehericy S, Brooks DJ, Rothwell JC, Hallett M, DeLong MR,
Marras C, Tanner CM, Ross GW, Langston JW, Klein C, Bonifati V, Jankovic J, Lozano AM,
Deuschl G, Bergman H, Tolosa E, Rodriguez-Violante M, Fahn S, Postuma RB, Berg D, Marek
K, Standaert DG, Surmeier DJ, Olanow CW, Kordower JH, Calabresi P, Schapira AHV,
Stoessl AJ. 2017. Past, present, and future of Parkinson's disease: A special essay on the 200th
Anniversary of the Shaking Palsy. Mov Disord 32:1264-1310.
Seidl SE, Santiago JA, Bilyk H, Potashkin JA. 2014. The emerging role of nutrition in Parkinson's
disease. Front Aging Neurosci 6:36.
Perez-Pardo P, Kliest T, Dodiya HB, Broersen LM, Garssen J, Keshavarzian A, Kraneveld
AD. 2017. The gut-brain axis in Parkinson's disease: Possibilities for food-based therapies. Eur J
Pharmacol. 817:86-95.
Johnston CS, Tjonn SL, Swan PD, White A, Hutchins H, Sears B. 2006. Ketogenic lowcarbohydrate diets have no metabolic advantage over nonketogenic low-carbohydrate diets. The
American Journal of Clinical Nutrition 83:1055–1061.
Shortt C, Hasselwander O, Meynier A, Nauta A, Fernández EN, Putz P, Rowland I, Swann J,
Türk J, Vermeiren J, Antoine J-M. 2018. Systematic review of the effects of the intestinal
microbiota on selected nutrients and non-nutrients. European Journal of Nutrition 57:25–49.
McNabney SM, Henagan TM. 2017. Short Chain Fatty Acids in the Colon and Peripheral Tissues:
A Focus on Butyrate, Colon Cancer, Obesity and Insulin Resistance. Nutrients 9:1348.
Makki K, Deehan EC, Walter J, Bäckhed F. 2018. The Impact of Dietary Fiber on Gut Microbiota
in Host Health and Disease. Cell Host & Microbe 23:705–715.
Ríos-Covián D, Ruas-Madiedo P, Margolles A, Gueimonde M, de los Reyes-Gavilán CG,
Salazar N. 2016. Intestinal Short Chain Fatty Acids and their Link with Diet and Human Health.
Frontiers in Microbiology 7:185.
Lin D, Peters BA, Friedlander C, Freiman HJ, Goedert JJ, Sinha R, Miller G, Bernstein MA,
Hayes RB, Ahn J. 2018. Association of dietary fiber intake and gut microbiota in adults. British
Journal of Nutrition, 2018/10/24 ed. 120:1014–1022.
Garcia-Mantrana I, Selma-Royo M, Alcantara C, Collado MC. 2018. Shifts on Gut Microbiota
Associated to Mediterranean Diet Adherence and Specific Dietary Intakes on General Adult
Population. Front Microbiol 9:890.
Claesson MJ, Jeffery IB, Conde S, Power SE, O’Connor EM, Cusack S, Harris HMB, Coakley
M, Lakshminarayanan B, O’Sullivan O, Fitzgerald GF, Deane J, O’Connor M, Harnedy N,
O’Connor K, O’Mahony D, van Sinderen D, Wallace M, Brennan L, Stanton C, Marchesi JR,
Fitzgerald AP, Shanahan F, Hill C, Ross RP, O’Toole PW. 2012. Gut microbiota composition
correlates with diet and health in the elderly. Nature 488:178–184.
Sandhu KV, Sherwin E, Schellekens H, Stanton C, Dinan TG, Cryan JF. 2017. Feeding the
microbiota-gut-brain axis: diet, microbiome, and neuropsychiatry. Translational Research 179:223–
244.
Jackson A, Forsyth CB, Shaikh M, Voigt RM, Engen PA, Ramirez V, Keshavarzian A. 2019.
Diet in Parkinson's Disease: Critical Role for the Microbiome. Frontiers in Neurology 10:1245.
Sampson TR, Debelius JW, Thron T, Janssen S, Shastri GG, Ilhan ZE, Challis C, Schretter
CE, Rocha S, Gradinaru V, Chesselet MF, Keshavarzian A, Shannon KM, Krajmalnik-Brown
R, Wittung-Stafshede P, Knight R, Mazmanian SK. 2016. Gut Microbiota Regulate Motor
Deficits and Neuroinflammation in a Model of Parkinson's Disease. Cell. 167:1469-1480.
Mulligan AA, Luben RN, Bhaniani A, Parry-Smith DJ, O’Connor L, Khawaja AP, Forouhi
NG, Khaw K-T, EPIC-Norfolk FFQ Study. 2014. A new tool for converting food frequency

September 2021 Vol. 26:1-12

Undergraduate Research Article • Not refereed

https://jemi.microbiology.ubc.ca/

11

UJEMI

Afrasiabi et al.

18.
19.

20.
21.

22.
23.

24.
25.
26.
27.
28.
29.

30.
31.
32.

33.

34.
35.

36.

questionnaire data into nutrient and food group values: FETA research methods and availability.
BMJ Open 4:e004503–e004503.
Drossman DA, Dumitrascu DL. 2006. Rome III: New standard for func-tional gastrointestinal
disorders. J Gastrointest liver Dis 15:237–241.
Blake MR, Raker JM, Whelan K. 2016. Validity and reliability of the Bristol Stool Form Scale in
healthy adults and patients with diarrhoea‐predominant irritable bowel syndrome. Aliment
Pharmacol Ther 44:693–703.
R Core Team. 2020. R: A language and environment for statistical computing. R Foundation for
Statistical Computing, Vienna, Austria. URL https://www.R-project.org/.
Wickham H, Averick M , Bryan J , Chang W , D’Agostino McGowan L , François R ,
Grolemund G , Hayes A, Henry L, Hester J, Kuhn M, Pedersen TL , Miller E, Bache SM,
Müller K , Ooms J, Robinson D, Seidel DP, Spinu V , Takahashi K, Vaughan D , Wilke C, Woo
K, Yutani H. 2019. Welcome to the tidyverse. Journal of Open Source Software 4(43), 1686.
Callahan BJ, McMurdie PJ, Rosen MJ, Han AW, Johnson AJA, Holmes SP. 2016. DADA2:
High-resolution sample inference from Illumina amplicon data. Nature Methods 13:581–583.
Bolyen E, Rideout JR, Dillon MR, Bokulich NA, Abnet CC, Al-Ghalith GA, Alexander H, Alm
EJ, Arumugam M, Asnicar F, Bai Y, Bisanz JE, Bittinger K, Brejnrod A, Brislawn CJ, Brown
CT, Callahan BJ, Caraballo-Rodríguez AM, Chase J, Cope EK, Da Silva R, Diener C,
Dorrestein PC, Douglas GM, Durall DM, Duvallet C, Edwardson CF, Ernst M, Estaki M,
Fouquier J, Gauglitz JM, Gibbons SM, Gibson DL, Gonzalez A, Gorlick K, Guo J, Hillmann
B, Holmes S, Holste H, Huttenhower C, Huttley GA, Janssen S, Jarmusch AK, Jiang L,
Kaehler BD, Kang KB, Keefe CR, Keim P, Kelley ST, Knights D, Koester I, Kosciolek T,
Kreps J, Langille MGI, Lee J, Ley R, Liu Y-X, Loftfield E, Lozupone C, Maher M, Marotz C,
Martin BD, McDonald D, McIver LJ, Melnik AV, Metcalf JL, Morgan SC, Morton JT,
Naimey AT, Navas-Molina JA, Nothias LF, Orchanian SB, Pearson T, Peoples SL, Petras D,
Preuss ML, Pruesse E, Rasmussen LB, Rivers A, Robeson MS, Rosenthal P, Segata N, Shaffer
M, Shiffer A, Sinha R, Song SJ, Spear JR, Swafford AD, Thompson LR, Torres PJ, Trinh P,
Tripathi A, Turnbaugh PJ, Ul-Hasan S, van der Hooft JJJ, Vargas F, Vázquez-Baeza Y,
Vogtmann E, von Hippel M, Walters W, Wan Y, Wang M, Warren J, Weber KC, Williamson
CHD, Willis AD, Xu ZZ, Zaneveld JR, Zhang Y, Zhu Q, Knight R, Caporaso JG. 2019.
Reproducible, interactive, scalable and extensible microbiome data science using QIIME 2. Nature
Biotechnology 37:852–857.
McMurdie PJ, Holmes S. 2013. phyloseq: An R Package for Reproducible Interactive Analysis and
Graphics of Microbiome Census Data. PLoS ONE 8:e61217.
Love MI, Huber W, Anders S. 2014. Moderated estimation of fold change and dispersion for
RNA-seq data with DESeq2. Genome Biology 15:550.
Wickham H. 2016. ggplot2: Elegant Graphics for Data Analysis. Springer-Verlag New York. ISBN
978-3-319-24277-4
Kassambara A. [(accessed on 12 August 2019)];Ggpubr: ‘Ggplot2’ Based Publication Ready Plots.
2018 R Package Version 0.2.
Kenna J. 2020. Does the Truth Lie Within the Gut? Investigating the Gut Microbiome in an
Australian Cohort of Parkinson’s Disease Patients . Neurology 94:1438.
Weis S, Schwiertz A, Unger MM, Becker A, Faßbender K, Ratering S, Kohl M, Schnell S,
Schäfer K-H, Egert M. 2019. Effect of Parkinson’s disease and related medications on the
composition of the fecal bacterial microbiota. Parkinson’s Disease 5:28.
Valdes AM, Walter J, Segal E, Spector TD. 2018. Role of the gut microbiota in nutrition and
health. BMJ 361:k2179.
Perez A, Guan L, Sutherland K, Cao C. 2016. Immune System and Parkinson’s Disease. Arch
Med 8:2.
Mancabelli L, Milani C, Lugli GA, Turroni F, Mangifesta M, Viappiani A, Ticinesi A,
Nouvenne A, Meschi T, van Sinderen D, Ventura M. 2017. Unveiling the gut microbiota
composition and functionality associated with constipation through metagenomic analyses. Sci Rep
7:9879–9879.
Patterson AM, Mulder IE, Travis AJ, Lan A, Cerf-Bensussan N, Gaboriau-Routhiau V,
Garden K, Logan E, Delday MI, Coutts AGP, Monnais E, Ferraria VC, Inoue R, Grant G,
Aminov RI. 2017. Human Gut Symbiont Roseburia hominis Promotes and Regulates Innate
Immunity. Front Immunol 8:1166–1166.
Flint HJ, Duncan SH. 2014. Bacteroides and Prevotella, p. 203–208. In Batt, CA, Tortorello, ML
(eds.), Encyclopedia of Food Microbiology (Second Edition). Academic Press, Oxford.
Song SJ, Lauber C, Costello EK, Lozupone CA, Humphrey G, Berg-Lyons D, Caporaso JG,
Knights D, Clemente JC, Nakielny S, Gordon JI, Fierer N, Knight R. 2013. Cohabiting family
members share microbiota with one another and with their dogs. Elife 2:e00458–e00458.
Bai Y, Zhao J, Tao S, Zhou X, Pi Y, Gerrits WJ, Johnston LJ, Zhang S, Yang H, Liu L, Zhang
S, Wang J. 2020. Effect of dietary fiber fermentation on short-chain fatty acid production and
microbial composition in vitro. Journal of the Science of Food and Agriculture 100:4282–4291.

September 2021 Vol. 26:1-12

Undergraduate Research Article • Not refereed

https://jemi.microbiology.ubc.ca/

12

